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TEXTO

WHAT IS A MULTI-AGENT SYSTEM?

» A multi-agent system (MAS or "self-organized system") is a
computerized system composed of multiple interacting
intelligent agents. Multi-agent systems can solve problems
that are difficult or impossible for an individual agent or a
monolithic system to solve.



[HE PROBLEM?



GENERALIZED MULTI AGE
EVALUATION PLATFORM

ARENA




ARENA

» Unity based

» Compatible with different types of games

» Provides an standard for testing multi agent games
» Reinforcement learning games

» 35 games, 27 have never been investigated, 8 already
existed and were improved.

» 5 different types of agents



WHAT ARENA IS HOPING TO IMPROVE/CONTRIBUTE

» Boosting creativity through multi-agent communication

» Agents that can be used in different games

» Different training schemes

» Configurable social relations (by different reward settings)

» Creating new games and Al solutions to yet unsolved
game problems



ARENA VS OTHER SYSTEMS

» Deeplearning
» PhychLab

» Malmo



OUR EXPERIENCE

TESTING ARENA



INSTALLATION

» Simple
» Well documented

» Only requires unity and git



INTERFACE

» Friendly
» Intuitive

» Well explained
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SOCIAL TREE CONFIGURATION
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REWARD SCHEMES
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BRAINS
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SIMPLE GAME (NO BRAIN)
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CONCLUSIONS

» Very good software

» Designed for researchers with advanced knowledge about
python, reinforcement learning and Unity

» It achieves its intended goal
» There should be more documentation

» We'd like a version in which learning models can be set
easily for people like us.



